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De Novo Genome Assembly
Contig Assembly
For both Antrozous pallidus and Eptesicus fuscus, initial contigs were assembled from PacBio subreads using DAmar (https://github.com/MartinPippel/DAmar, commit: 3624a8c) and two rounds of polishing with gcpp v2.0.2 (https://github.com/PacificBiosciences/gcpp). Remaining haplotypic duplications in the primary contig set were then removed using purge-dups v.1.2.3 (Guan, et al. 2020). 
Antrozous pallidus Scaffolding
Initial scaffolding for A. pallidus was performed using 10X Genomics linked-reads. First, reads were mapped to the contigs using Longranger v2.2.2 (Marks, et al. 2019) and scaffolded using Scaff10X v4.2 (https://github.com/wtsi-hpag/Scaff10X) . Next, we used optical maps from Bionano DLE1-labelled DNA molecules. A Bionano assembly was first produced from optical-mapped reads using Bionano Solve assembly v3.5.1 with arguments non-haplotype and no-Extend-and-Split. The initial scaffolds from Scaff10X were then further scaffolded using Bionano Solve Hybrid Scaffold v3.5.1. Finally, HiC reads were mapped to the scaffolds produced by Hybrid Scaffold using bwa-mem v0.7.17 (Li and Durbin 2009, 2010). We then followed the VGP scaffolding pipeline with salsa2 v2.2 (Ghurye, et al. 2019; Rhie, et al. 2021). Finally, we manually curated the scaffolds to join those contigs missed by salsa2 and break those joins which were spuriously created.
After initial scaffolding, we closed assembly gaps using the PacBio CLR data. To this end, we mapped the original subreads.bam files to the scaffolded assembly using pbmm2 v1.3.0 with arguments --preset SUBREAD -N 1. Based on the read-piles created by reads spanning across gap regions, we can create a consensus sequence to replace the N sequences in our genome. We used gcpp v2.0.2 to polish gap regions and their 2 kb up/downstream flanks.  We then replaced the assembly gap and flanking region with those regions that were polished with high-confidence by arrow (no N's remaining in the polished sequence and no lower-case a/c/g/t).
Eptesicus fuscus Scaffolding
HiC reads were mapped to the primary contigs using bwa-mem v0.7.17 and the resulting alignments were further processed with pairtools v0.3.0 (https://github.com/open2c/pairtools) according to the Omni-C filtering pipeline (https://omni-c.readthedocs.io/en/latest/fastq_to_bam.html). The resulting deduplicated bam file sorted by read names and YaHS v1.1 (Zhou, et al. 2022) was used to scaffold the contigs. Finally, we manually curated the scaffolds to join those contigs missed by YaHS and break those joins which were spuriously created.
Assembly Polishing
To create a higher-accuracy genome at the level base accuracy, we polished the resulting assemblies using the 10X linked-reads (A. pallidus) and Illumina reads (E. fuscus) as in the VGP pipeline (https://github.com/VGP/vgp-assembly/tree/master/pipeline/freebayes-polish) (Rhie, et al. 2021). First 10X reads were mapped to the A. pallidus genome using Longranger v2.2.2, while Illumina reads were mapped to the E. fuscus genome with bwa-mem v0.7.17. In both cases, variants were called using Freebayes v1.3.2 with argument -g 600 to ignore regions with coverage over 600X. Next variants were filtered using bcftools v1.12-21 for variants with quality score greater than 1 and genotype of homozygous alt (AA) or heterozygous (Aa): bcftools view -i 'QUAL>1 && (GT="AA" || GT="Aa")'. A consensus was then called using bcftools consensus, taking the longest allele in heterozyous cases: bcftools consensus -i'QUAL>1 && (GT="AA" || GT="Aa")' –Hla. This was performed twice; the A. pallidus consensus in the first round changing 3,766,332 bases and in the second 217,026 bases. 
For A. pallidus, we estimated the QV of this assembly after two rounds of polishing to be 33.6 using merqury v1.0 (Rhie, et al. 2020). Finally, the curated chromosomes were phased by applying an adapted version of the DipAsm pipeline (Garg, et al. 2021).
For E. fuscus, to further increase the scaffold accuracy, we applied merfin v1.0 (Formenti, et al. 2022). Using merqury v1.0, we estimated the QV of this assembly after two rounds of polishing to be 38.0.

Species Richness Association Testing
The first set of analyses comprised three steps. Initially, we estimated the species richness represented by each branch in the TE phylogeny, then analyzed the association between TE counts and richness while accounting for errors in both variables and the phylogenetic structure of errors.
We used a phylogenetic approach to determine the species richness represented by each branch. We first used the most comprehensive species-level phylogeny of bats by Shi and Rabosky (Shi and Rabosky 2015), which includes most of the species in the sample or close relative of those when not sampled. While we could assign the family-level values to each species, this approach would flatten the variation across species found in TEs and the representativeness of the branches. Instead, we partitioned the species-level tree into subtrees then evaluated which subtrees had the target species. The species richness was estimated by counting tips in the largest subtree representing one and only one of the species in the TE dataset. Then, the proportion of species represented was calculated by dividing the number of leaves by the sum for all species in the sample.
To estimate the association between species diversity and TE variables, we generated linear models. However, observations including multiple species are not independent (Felsenstein 1985), and therefore cannot be analyzed using standard statistical methods all of which assume independence among observations. Therefore, we adopted methods that enable accounting for the non-independence among errors in the linear models by modeling this structure based on phylogenetic distances among all species-level observations. As with standard linear models, these methods estimate the relationship between variables as coefficients that multiply quantities (e.g., TE counts) or categories (e.g., bat observations, vs. all others). The sign (positive or negative) of the coefficients indicates the quantitative relationship between variables, with coefficients of 0 consistent with no association of one variable on the other. 
A hierarchical Bayesian approach was adopted to estimate the species-specific structure of errors while estimating error for both the Poisson-distributed TE counts and the beta-distributed proportion of richness represented by each branch. A hierarchical approach is often called a mixed model in the literature, with cluster-specific effects called “random”, and sample-wide effects called “fixed”. As different fields apply random and fixed to different levels of the hierarchy, here we adopt the language of cluster-specific and sample-wide effects (Gelman 2005). Analyses begin by modelling the proportion of richness as a beta-distributed variable (Douma and Weedon 2019): 

In which  is the mean, and  relates to the variance such that: 

Given observations Y1, and covariate Y2:

Instead of a typical regression, in which the covariate is modeled without error, our analyses accounted for the error in TE counts by modeling the latter as a negative binomial-distributed variable:

In which  is the rate or mean of the Poisson distribution, exp is the n verse link function that enables the inclusion of phylogenetic errors (Hadfield and Nakagawa 2010), and   defines a rate parameter for the gamma distribution that defines the mixture of Poisson distributions, which relaxes the expectation of equality of mean and variance of the Poisson distribution. As a result, the negative binomial distribution is usually a better fit to observational data (O'Hara and Kotze 2010). With a linear model applied to l:

In which  represents the intercept, as there were no predictors included,  represents both species specific and sample-wide effects, and e is a vector of residuals. The sample-wide coefficient is normally distributed and given by:

In which the variance  is large, reflecting diffuse prior knowledge. The phylogeny-based species-specific effects that account for relatedness are also normally distributed and given by:

Which replaces the identity matrix I with the phylogenetic relationship matrix A. With no other levels, the is modeled by  in:
.
A similar approach was used to fit the phylogenetic structure of errors to the beta regression. In contrast with horizontally transferred TE counts, cumulative TE counts generally spanned a couple of orders of magnitude. To avoid overfitting these analyses, we modeled errors only for the beta-distributed proportions of richness. To span the order-of-magnitude variation in the TE accumulation counts, this predictor was log10 transformed and then scaled. Similarly, we fitted models of HTT events (a negative-binomial-distributed variable) across 19 mammalian orders (Table S8) to compare the single bat observation to the HTT counts from all other mammals. 
To implement Bayesian sampling for these analyses, we used brms (Bürkner 2017), a package that enables coding models in R for implementation in the stan statistical language (Carpenter, et al. 2017). We ran separate multivariate models for each of the TE counts, with the proportion of richness as a function of the TE count and the count itself as a response. The covariance matrix A was obtained from the variance covariance matrix of the dated phylogeny of sampled species from 2.1. Models ran four separate chains using a Hamiltonian Monte Carlo approach. Compared to other Bayesian implementations, the HMC approach saves time in sampling parameter spaces by generating efficient transitions spanning the posterior based on derivatives of the density function of the model.


Supplemental Results
TE Accumulation Outliers
C. thonglongyai and Me. lyra are outliers (highest 2.5% of data) with the highest total DNA transposon accumulation (8.4% and 6.3% of their genome, respectively). C. thonglongyai and Pipistrellus pipistrellus are also outliers for highest accumulation in the last 50 My, with young DNA transposons comprising 0.34% and 0.24% of their genomes, respectively. Outgroup mammals make up the low-end outliers (lowest 2.5% of data) for both total and younger DNA transposon accumulation (Erinaceus europaeus: 1%, Uropsilus gracilus: 2.2%, and Equus caballus: 0.0039%, Diceros bicornis: 0.0026%, respectively). For RC elements, Murina feae is an outlier for high total and younger RC accumulation, constituting 19.7% and 10.3% of its genome, respectively. Other vespertilionid bats have the next highest RC genome content; for total RC content, Antrozous pallidus with 14.7%, and for younger RC content, Eptesicus fuscus with 5.1%. No RC elements have invaded other mammalian orders. 

Effects of Genome Assembly Quality on TE Annotation
We should also note that although some differences in TE accumulation among species may be an artifact of varying genome assembly qualities, these do not explain our results. Across all of the mammal assemblies there was no clear or consistent trend of TE proportions based on assembly N50 or BUSCO scores, though outliers for high total genomic TE content tended to be assemblies with low N50 or low BUSCO scores (Osmanski, et al. forthcoming). We observed only minimal differences in TE proportions between closely related species. For example, the four representatives of the genus Myotis diverged between ~20 and 10 Mya (Stadelmann, et al. 2007; Lack, et al. 2010; Ruedi, et al. 2013), and Myotis myotis has a higher quality assembly (N50 = 94.4 Mb, BUSCO = 97.9%) than the other three Myotis species (mean N50 = 3.7 Mb, mean BUSCO = 92.5%). While there was some minor variation in TE content, major trends and temporal patterns are consistent, and Myotis myotis actually had the highest TE content of the four species. While genome fragmentation might have affected observed TE proportions, this likely would have only led to underrepresentation or false negatives for our HTT analyses, since we used only insertions ≥90% consensus sequence length. 

No Significant Associations between Putative HT DNA Transposons and Species Richness
Models ran for at least 10,000 generations, with at least 20% of the generations sampled as burn in. All models ran until estimated sampling sizes for posteriors exceeded 1000, the potential scale reduction factor was no greater than 1.05 (indicating convergence across chains), and there were no divergent transitions after burn-in. The absence of divergent transitions indicates the sampling was unbiased. We found no significant associations between putative HTTs and species richness (fig. S4, Table S11).

Limited Association between Young DNA Transposon Accumulation and Species Richness
We found only a weak association with cumulative LTRs and species richness; all other categories had no significant associations (fig. S5, Table S12). This is likely due to the small sample size of bat species; more data would probably yield more meaningful results.
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PipKuh  CAAGAAAGAAGCAGAAAAGTTCTCTATTAACTTTCAAAAATGTATTAAGGATGAAGGATACTGCCCACAACAAGTGTTCAATGCCGATGAAACGGGTCTT 
ErpCal  CAAGAAAGAAGCAGAAAAGTTCTCTATTAACTTTCAAAAATGTATTAAGGATGAAGGATACTGCCCACAACAAGTGTTCAATGCCGATGAAACGGGTCTT
 
                910       920       930       940       950       960       970       980       990       1000        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  TTCTGGAAAAGAATGCCGAGCAGAACCTTCATTACAAAAGAGGAGAAGAAATTGCCAGGACACAAAGCCATGAAGGACAGACTTACCCTTATGTTTTCGT 
ErpCal  TTCTGGAAAAGAATGCCGAGCAGAACCTTCATTACAAAAGAGGAGAAGAAATTGCCAGGACACAAAGCCATGAAGGACAGACTTACCCTTATGTTTTCGT 

                1010      1020      1030      1040      1050      1060      1070      1080      1090      1100        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  CTAATGCCAGCGGAGACCTCAAGATCAAACCTCTATTGGTTTATCACTCTGAAAATCCAAGAATTTTCAAGAAAAATAACGTTATTAAGTCCAAACTGCC 
ErpCal  CTAATGCCAGCGGAGACCTCAAGATCAAACCTCTATTGGTTTATCACTCTGAAAATCCCAGAATTTTCAAGAAAAATAACGTTATTAAGTCCAAACTGCC 

                1110      1120      1130      1140      1150      1160      1170      1180      1190      1200        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  CGTCCATTGGAAGTCCAATCAAAAAGCCTGGGTGACCCAAGTTATCTTCAACGAATGGATTCTGGAAACCTTTGCTCCTGCCGTGAAGAAATTCTTGCTG 
ErpCal  CGTCCATTGGAAGTCCAATCAAAAAGCCTGGGTGACCCAAGTTATCTTCAACGAATGGATTCTGGAAACCTTTGCTCCTGCCGTGAAGAAATTCTTGCTG 

                1210      1220      1230      1240      1250      1260      1270      1280      1290      1300        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  GAAAAAGAACTGCCGCTCAAAGCCCTTCTGATACTTGACAATGCCCCTTCTCACCCAAAAGACCTAGAGGAAATATTGCAGGAAAATTATCCTTTTATCA 
ErpCal  GAAAAAGAACTGCCGCTCAAAGCCCTTCTGATACTTGACAATGCCCCTTCTCACTCAAAAGACCTAGAGGAAATATTGCAGGAAAATTATCCTTTTATCA 

                1310      1320      1330      1340      1350      1360      1370      1380      1390      1400        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  AGGTGCAGTATTTGCCACCAAACACCACATCCATTCTTCAGCCAATGGATCAGCAAGTTATTGCGAACTTTAAAAAACTCTACACTAGAGCCCTCTTTAA 
ErpCal  AGGTGCAGTATTTGCCACCAAACACCACATCCATTCTTCAGCCAATGGATCAGCAAGTTATTGCGAACTTTAAAAAACTCTACACTAGAGCCCTCTTTAA 

                1410      1420      1430      1440      1450      1460      1470      1480      1490      1500        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  TAAGGTGTTTGAAGAATGCGAGTTTGGTGGAGACAATATGACTGTCCGAAAGTTTTGGAAGGAGAAATTTGATGTCCTTATGGCAATACGACTTATACAG 
ErpCal  TAAGGTGTTTGAAGAATGCGAGTTTGGTGGAGACAATATGACTGTCCGAAAGTTTTGGAAGGAGAAATTTGATGTCCTTATGGCAATACGACTTATACAG 

                1510      1520      1530      1540      1550      1560      1570      1580      1590      1600        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  AAGGCCTGGGAAGAAGTGTCACAAAGGACCCTCATTTCTGCTTGGAAGATGCTTGTGCCTTCGTGGACCCAGGAAGAAGCAGTAGTTGATGACACAGAAG 
ErpCal  AAGGCCTGGGAAGAAGTGTCACAAAGGACCCTCATTTCTGCTTGGAAGATGCTTGTGCCTTCGTGGACCCAGGAAGAAGCAGTAGTTGATGACACAGAAG 

                1610      1620      1630      1640      1650      1660      1670      1680      1690      1700        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  TGGTGAAGGACATCATCACAGTGGCCCAAAGGTTGGAATTAGAGGTAGAGGAAGAGGATGTAGAGGAGCTTATTGAGGAACACGAAGAAGAGCTGACAAC 
ErpCal  TGGTGAAGGACATCATCACAGTGGCCCAAAGGTTGGAATTAGAGGTAGAGGAAGAGGATGTAGAGGAGCTTATTGAGGAACACGAAGAAGAGCTGACAAC 

                1710      1720      1730      1740      1750      1760      1770      1780      1790      1800        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  TGAAGAGCTCCAAGCACTTCTGGTCCAGCAACAGGACAATGCTCAAAGGGAAGCGTCATCTGATAACGAGGAGCAACAATCAAACAATCAACCAATCCCA 
ErpCal  TGAAGAGCTCCAAGCACTTCTGGTCCAGCAACAGGACAATGCTCAAAGGGAAGCGTCATCTGATAACGAGGAGCAACAATCAAACAATCAACCAATCCCA 

                1810      1820      1830      1840      1850      1860      1870      1880      1890      1900        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  ACTGCTGACATCAAGAACATCCTGGTCAAATGGAAAGCAGTTCAGGAGTTTACCAATGCCCACTATCCGGATTCAGCTGAAGCAAACAGGATCAACGATC 
ErpCal  ACTGCTGACATCAAGAACATCCTGGTCAAATGGAAAGCAGTTCAGGAGTTTACCAATGCCCACTATCCGGATTCAGCTGAAGCAAACAGGATCAACGATC 

                1910      1920      1930      1940      1950      1960      1970      1980      1990      2000        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  TTTACTCCGATACTCTTGTCCGTTATTTCCGGCAGATGTTGGAGAAAAGAGAAAAACAAACGACTTTGGACAGGTTTTTCATGAAACCATCGGCCAAAAA 
ErpCal  TTTACTCCGATACTCTTGTCCGTTATTTCCGGCAGATGTTGAAGAAAAGAGAAAAACAAACGACTTTGGACAGGTTTTTCATGAAACCATCGGCCAAAAA 

                2010      2020      2030      2040      2050      2060      2070      2080      2090      2100        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  GCAGAAAATGGATGAAGATGTGCAAGATTCGGTAGACTCTACTTAGTCTGTCTTAAAATTAAAAAAATGTGTGTTTTTTTTTTAAAAAAATTATGTTTTT 
ErpCal  GCAGAAAATGGATGAAGATGTGCAAGATTCGGTAGACTCTACTTAGTCTGTCTTAAAATTAAAAAAATGTGTGTTTTTTT-AAAAAAAAATTATGTTTTT 

                2110      2120      2130      2140      2150      2160      2170      2180      2190      2200        
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
PipKuh  AGATGTATCTAAATAAAAATAATAACAAAAAATTTATCTTTTTTTATGTCATCTTAGCATATTTTATGCTACAGAACGAATTATTTTTTTTAACATGTAT 
ErpCal  AGATGTATCTAAATAAAAATAATAACAAAAAATTTATCTTTTTTTATGTCATCTTAGCATATTTTATGCTACAGAACGAATTATTTTTTTTAACATGTAT 

                2210      2220      2230      2240      2250      2260      2270      2280      2290       
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|.
PipKuh  TGTTATGGGAAAACGCGTTTCACATAACGAACTTTTCGCATAACAAACTTGCTCCTGGAACGAATTAAGTTCGTTGTGTGAGGCACCACTG
ErpCal  TGTTATGGGAAAACGCGTTTCACATAACGAACTTTTCGCATAACAAACTTGCTCCTGGAACGAATTAAGTTCGTTGTGTGAGGCACCACTG
Fig. S1. Species-specific consensus sequence alignment for Mariner2_pKuh in the bat Pipistrellus kuhlii (PipKuh) and the African reedfish Erpetoichthys calabaricus (ErpCal).


                 10        20        30        40        50        60        70        80        90       100                  
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|
AntPal  CTATATTTTCCAGCGTATAAGATGACTGGGCATATAAGACAACCCCTAACTTTTCCAGTTAAAATACAGAGTTTGGGATACACTTGCCCTATAAGAGGG-
EptFus  CCGTATTTTCCGGCGTATAAGACGACTGGGCGTATAAGACGACCCCCAACTTTTCCAGTTAAAATATAGAGTTTGGGATATACCCGCCCTATAAGATGA-
LasBor  CCGTATTTTCCGGCGTATAAGACGACTGGGCGTATAAGACGACCCCCAACTTTTCCAGTTAAAATATAGAGTTTGGGATATACTCGCCCTATAAGATGA- 
LacAgi  CCGTATTTTCCGGCGTATAAGACGACTGGGCGTATAAGACGACCCCCAACTTTTCCAGTTAAAATATAGAGTTTGAGATATACTCGAC-CACA-GATTCT 
ZooViv  CCGTATATTCCGGCGTATAAGACGACTGGGCGTATAAGACGACCCCCAACTTTTCCAGTTAAAATATAGAGTTTGGGATATACTCGCCGTATAAGAAATA 

                110       120       130       140       150       160       170       180 
        ....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|....|..
AntPal  -CACCCAGCATATAAGACGACCCCCGACTTTTGAGAAGATTTTCCTGGGTTAAAAAGTCGTCTTATATGCCGGAAAATATGG
EptFus  -CACCCGGCGTATAAGACGACCCCCGACTTTTGAGAAGATTTTCCTGGGTTAAAAAGTCGTCTTATACGCCGGAAAATACGG 
LasBor  -CACCCGGCGTATAAGACGACCCCCGACTTTTGAGAAGATTTTCCTGGGTTAAAAAGTCGTCTTATACGCCGGAAAATACGG 
LacAgi  CCACCCGGCGTATAAGACGACCCCCGACTTTTGAGAAGATTTTCCTGGATTAAAAAGTAGTCTTATACGCCAGAATATACAG 
ZooViv  CGACCCGGCGTATAAGACGACCCCCGACTTTTGAGAAGATTTTCCTGGGTTAAAAAGTAGTCTTATACGCAGGAATATACAG
Fig. S2. Species-specific consensus sequence alignment for nMariner1_Lbo in the bats Antrozous pallidus (AntPal), Eptesicus fuscus (EptFus), and Lasiurus borealis (LasBor) and the lizards Lacerta agilis (LacAgi) and Zootoca vivipara (ZooViv).

[image: ]Fig. S3. Posterior distributions of the regression coefficient of the proportion of species richness as a function of putative horizontally transferred TE diversity. For each coefficient: black dots show median, thin lines show the 95% posterior probability, thick lines show the 66% posterior probability, and gray shows the posterior density of the estimates. 
[image: ]Fig. S4. Posterior distributions of the regression coefficient of the proportion of species richness as a function of young (≤50 My) TE counts. For each coefficient: black dots show median, thin lines show the 95% posterior probability, thick lines show the 66% posterior probability, and gray shows the posterior density of the estimates. “Total DNA” corresponds to total DNA transposons (all DNA transposons from hAT, piggyBac, Tc-Mariner, Helitron, and DNA categories). “DNA” corresponds to DNA transposons that have not been classified to a family level (such as hAT, Tc-Mariner, etc.).
Supplemental Tables
Table S1. Eutherian mammal assemblies examined.
Table S2. TE content for each eutherian mammal species examined. RT, Retrotransposon; DNA, DNA transposon; RC, Rolling-circle transposon.
[bookmark: _GoBack]Table S3. Calculated neutral mutation rates of 251 mammals (37 bats, 214 other eutherian mammals). Branch lengths taken from Foley et al. (2022); divergence times taken from TimeTree, accessed 2 February 2023.
Table S4. Identities of putative horizontally transferred TEs.
Table S5. Hit counts of putative horizontal TE transfers and the species involved.
Table S6. Branch assignments of putative horizontally transferred transposons.
Table S7. Estimated ages for putative horizontal transfer events with non-chiropteran matches.
Table S8. Input data for model posterior distributions of group category on horizontal transfer event counts (Fig. 3).
Table S9. Calculated rates of horizontal transfer events in Chiroptera.
Table S10. Branch numbering and divergence times based on TimeTree. Non-conflicting combinations of median and average divergence times were used in the phylogenetic tree in Fig. 4.
Table S11. Summary of posterior distributions of the regression coefficient of the proportion of species richness as a function of the modeled TE diversity counts. ESS, Estimated sampling size; HPD, high probability density interval; l, lower; PSRF, potential scale reduction factor; u, upper.
	Horizontally transferred TE
	Estimate
	l-95% HPD
	u-95% HPD
	PSRF
	ESS

	Total
	0.01
	-0.01
	0.02
	1.00
	1589

	hAT
	0.01
	-0.05
	0.05
	1.00
	1737

	piggyBac
	0.05
	-0.06
	0.16
	1.00
	1603

	Tc-Mariner
	0.00
	-0.06
	0.06
	1.00
	1295

	Helitron
	0.02
	-0.01
	0.06
	1.00
	1597



Table S12. Summary of posterior distributions of the regression coefficient of the proportion of species richness as a function of the log10-transformed, scaled TE insertion counts. ESS, Estimated sampling size; HPD, high probability density interval; l, lower; PSRF, potential scale reduction factor; u, upper.
	Cumulative TE
	Estimate
	l-95% HPD
	u-95% HPD
	PSRF
	ESS

	DNA
	-0.06
	-0.39
	0.25
	1.00
	914

	hAT
	-0.03
	-0.44
	0.34
	1.00
	1048

	piggyBac
	-0.04
	-0.41
	0.29
	1.00
	1717

	Tc-Mariner
	-0.13
	-0.51
	0.21
	1.00
	4117

	Helitron
	0.13
	-0.27
	0.60
	1.00
	3878

	Total DNA transposons
	0.04
	-0.35
	0.43
	1.00
	1275

	LINE
	0.03
	-0.26
	0.39
	1.00
	1189

	SINE
	-0.01
	-0.34
	0.33
	1.00
	1574

	LTR
	0.19
	-0.14
	0.59
	1.00
	1439

	Total Retrotransposons
	0.02
	-0.29
	0.38
	1.00
	1392



Table S13. Assembly statistics for available bat species.
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